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5. Experiment Results In-Loop Filtering via Trained
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strengthen its efficiency, including the
enhancement of filtering reference range with the

Experiment Results: Compared to the low/high complexity operation point setting (LOP, limited LUT size (progressive indexing and
HOP) of NNVC-ILF, our ultrafast mode (LUT-ILF-U, reference range: 5x5, 0.13 KMAC/pixel, reference indexing), the optimization of LUT size
164 KB), very fast mode (LUT-ILF-V, reference range: 9x9, 0.40 kMAC/pixel, 492 KB) and with limited memory cost (clipping / finetuning),
fast mode (LUT-ILF-F, reference range: 13x13, 0.93 kMAC/pixel, 1148 KB) provide a series the selection of reference pixels (learnable

Basic framework of look-up table-based in-loop filtering framework (LUT-ILF)

] ] ] ] weighting).
of new trade-off points that show lower time and computational complexity and good ghting)
performance beyond VVC. Contact: zhuoyuanli@mail.ustc.edu.cn
Methods BD-Rate (AI) | BD-Rate (RA) |[Computational Complexity| Storage Cost Energy Cost* Time Complexity (enc/dec, CPU)
] 1 1 1 _ 129.98 KB (int16)| 11900 pJ (int16) 108%/4717% ~109%/4724% (Al)
NNVC-LOP" (VIM-11.0)|-4.61% ~-4.78%| -5.20%~-5.37% 17.0 kKMACs/pixel

228.33 KB (float) | 78200 pJ (float) | 114%/8274% ~114%/8322% (RA)

2826.2 KB (int16)|333900 pJ (int16)| 133%/24372% ~276%/134057% (Al)
7444.5 KB (float) (2194200 pJ (float)|159%/43509%~399%/227720% (RA)
LUT-ILF-U (VTM-11.0) -0.13% -0.10% 0.13 KMACs/pixel 164 KB (int8)’ 180.2 pJ 101%/102% (AI), 101%/105% (RA)

NNVC-HOP! (VIM-11.0)|-7.79%~-7.91%|-10.12%~-10.31% 477.0 kMACs/pixel

LUT-ILF-V (VTM-11.0) |  -0.34% 0.27% 0.40 kKMACs/pixel 492 KB (int8) 4972p]  |102%/103% (AI), 103%/106% (RA) fped S5 EEHLECL B
LUTILF-F (VTM-11.0) | -0.51% -0.39% 0.93 kMACs/pixel 1148 KB (int8) | 1163.25p]  [102%/106% (AI), 104%/108% (RA) WeChat QQ LinkedIn
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